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Abstract: This article explores the transformative role of artificial intelligence in combating financial crimes related to child
exploitation materials. By exploring how Al-enhanced systems revolutionize transaction monitoring, customer due diligence, and
suspicious activity reporting within financial institutions, the article demonstrates how advanced algorithms, machine learning
models, and natural language processing enable the detection of subtle transaction patterns that traditional systems fail to identify.
The article analyzes implementation challenges, including data privacy concerns, false positive management, and balancing
automation with human oversight, while addressing ethical considerations in Al deployment. Drawing from authoritative sources,
including FATF reports and scholarly research, the article outlines emerging trends in cross-institutional collaboration through
federated learning approaches and graph-based analytics that significantly improve detection capabilities without compromising data
privacy. The findings suggest that a holistic approach integrating financial intelligence across multiple stakeholders offers the most
promising path forward in disrupting the financial networks that enable child exploitation.
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INTRODUCTION

Understanding the FATF's Focus on Online
Child Sexual Exploitation

The Financial Action Task Force (FATF) released
a pivotal report in 2025 examining the critical role
financial intelligence plays in combating online
child sexual exploitation (OCSE). This
comprehensive document details how exploitation
has evolved into a sophisticated global criminal
enterprise  with  significant financial flows,
increasingly facilitated through dark web
marketplaces and cryptocurrency transactions
designed to evade detection. Financial institutions,
including banks, payment processors, and
emerging fintech platforms, unknowingly provide
the infrastructure that enables these illicit financial
flows, as perpetrators deliberately structure
transactions to remain  below traditional
monitoring thresholds (Financial Action Task
Force [FATF], 2025).

This report represents an essential resource for
compliance professionals, as OCSE crimes fall
within the "designated categories of offences" in
the FATF Glossary, placing them squarely within
anti-money laundering (AML) frameworks.
Consequently, jurisdictions' responses to financial
flows associated with OCSE may influence
assessments during Mutual Evaluation Reports,
where relevant to their money laundering and
terrorist financing risk context.

THE SCALE OF CSE
Global Statistics and Economic Drivers

Child sexual exploitation represents one of the
most egregious forms of abuse in modern society,
with  its  digital proliferation  creating
unprecedented challenges for law enforcement and
financial institutions alike. According to research
from Child Helpline International (2023), reports
of child sexual abuse material have increased by
87% since 2019, with over 32 million reports
being registered globally. The economic
dimensions of this criminal industry are equally
disturbing, with dark web marketplaces dedicated
to exploitation materials proliferating at an
alarming rate.

Research indicates that 39% of surveyed dark web
users reported viewing child sexual abuse
livestreaming, demonstrating the
commercialization of such content (Child Helpline
International, 2023). The Internet Watch
Foundation has documented a 360% increase in
"self-generated" sexual imagery of children aged
7-10 years old, highlighting the evolving nature of
this exploitation. Cryptocurrency has emerged as a
preferred payment method in these illegal
exchanges, with perpetrators exploiting financial
systems to monetize their criminal activities. The
rapid evolution of exploitation techniques is
particularly concerning, with research showing
that it takes an average of just 45 minutes for a
child to be locked into a high-risk grooming
situation in a social gaming environment (Child
Helpline International, 2023).
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How Financial Systems Unwittingly Enable
Exploitation

Financial institutions inadvertently provide the
infrastructure for CSE operations to monetize
criminal activities. According to the FATF (2023),
cyber-enabled crimes have grown exponentially in
both volume and global spread in recent years.
Their transnational nature, with proceeds rapidly
transferred between jurisdictions, creates a global
concern requiring coordinated responses.

Analysis conducted by the FATF in collaboration
with the Egmont Group and INTERPOL reveals
how criminals exploit vulnerabilities in financial
systems and emerging technologies (FATF, 2023).
Traditional monitoring systems often fail to detect
complex, cross-border transactions specifically
structured to avoid detection. Payment platforms
present additional vulnerabilities, with digital
services and money transfer operators being
exploited across jurisdictions by taking advantage
of regulatory differences.

The FATF (2023) emphasizes that "as digital
innovation continues to advance, so will the
sophistication and scale of cyber-enabled fraud, if
left unchecked" (p. 8), an observation equally
applicable to CSE activities. The report identifies
three priority areas: enhancing domestic
coordination across sectors, supporting
international collaboration, and strengthening
detection and prevention through awareness,
vigilance, and facilitated reporting of crimes.

AI-ENHANCED TRANSACTION
MONITORING SYSTEMS
Economic Scale and
Characteristics

According to the Financial Action Task Force
(FATF, 2025), there is no reliable figure
estimating the global proceeds generated by online
child sexual exploitation (OCSE). The report
explicitly states this limitation for both Live-
streamed Sexual Abuse of Children (LSAC) and
Financial Sexual Extortion of Children (FSEC).
For LSAC, transactions typically involve small
amounts paid from consumers primarily in
Australia, Europe, and North America to high-risk
jurisdictions, normally ranging between 10-200
EUR per instance. While these amounts may
appear insignificant to the consumer, they can
represent substantial income to abusers and
facilitators, who are often based in developing
countries.

Transaction

For FSEC, ransoms from victims to perpetrators
are relatively low (50-1500 EUR) with initial
demands generally less than 250 EUR, constrained
by the fact that targeted victims are typically
teenagers with limited financial resources. The
FATF (2025) emphasizes that while the financial
component may be small compared to other major
crime types, the devastating impact of these crimes
on victims is often severe and long-lasting, rather
than defining these crimes by their monetary
value.

Transaction Patterns and Detection Challenges
Transactions related to OCSE are characterized by
unremarkably low-value amounts that make
detection  particularly  challenging.  These
transactions often use disguised descriptions such
as "family support,” "school fees,” "gift," or
"financial assistance” (AUSTRAC, 2019). The
report notes that one large payment service
provider found that only a small percentage of
payments linked to OCSE had any notes attached,
and only a fraction of these notes would raise
suspicion.

Perpetrators employ various payment methods,
including online peer-to-peer payment systems,
direct bank transfers, virtual assets, prepaid cards,
credits to gaming platforms, and gift cards. While
the FATF (2025) presents numerous indicators for
identifying suspicious transactions, it emphasizes
that individual indicators alone are insufficient to
raise suspicion. Financial institutions should
consider all contextual factors surrounding
transactions to identify patterns that may signal
suspicious activity.

Advanced Detection Methodologies

According to the National Institute of Standards
and Technology evaluation (NIST, 2020), child
sexual abuse material (CSAM) detection
applications yield optimal results when combining
multiple approaches, particularly deep-learning
algorithms with multi-modal image or video
descriptors. Their comprehensive evaluation shows
that deep learning techniques significantly
outperform other detection methods for identifying
previously unknown CSAM.

The findings indicate that combining multiple
features creates more robust detection capabilities.
The NIST evaluation demonstrates that multi-
modal  classification  approaches  achieve
significant error rate reductions, with some
implementations showing approximately 40-50%
improvement in detection accuracy compared to
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single-feature analysis (NIST, 2020). The most
effective CSAM detection systems are created
through the successive fusion of different features
and modalities, providing law enforcement and

financial institutions with increasingly powerful
tools to combat financial crimes linked to child
exploitation.

Table 1: Enhancing CSAM Detection Through Feature Fusion (Blevins, A.2023; Child Helpline International,

2023)

Crime Type

Transaction Range

Detection Challenges

Live-streamed Sexual

10-200 EUR per instance from

Small amounts appear insignificant but

Abuse of Children

(LSAC) jurisdictions

developed countries to high-risk

represent substantial income to
perpetrators in developing countries

Financial Sexual
Extortion of Children

50-1500 EUR ransoms with initial
demands typically under 250 EUR

Limited by teenagers' financial resources,
making amounts deliberately small and

(FSEC) unremarkable
General OCSE Payment | Various platforms, including peer-to- | Perpetrators use disguised descriptions
Methods peer systems, bank transfers, virtual | like "family support,” "gift," or "school

assets, prepaid cards

fees" to avoid detection

Transaction
Documentation Patterns

Only a small percentage of OCSE
payments have notes attached

Even fewer notes would raise suspicion,
requiring contextual analysis beyond
individual indicators

Multi-Modal Detection
Requirements

Combination of transaction patterns, | Individual indicators alone are
geographic flows, and behavioral

insufficient; they require a comprehensive

indicators analysis of all contextual factors
CUSTOMER RISK RATING: descriptions such as "family support,” "school
LEVERAGING AI FOR IMPROVED fees," or "gift" to avoid detection (AUSTRAC,

AML COMPLIANCE

Limitations of Traditional Risk Management
Approaches

Traditional banking risk management has long
been constrained by periodic assessment
methodologies that provide only momentary
snapshots of an institution's control environment.
These typically quarterly or annual reviews create
dangerous blind spots, allowing vulnerabilities to
emerge and persist undetected for extended
periods (Anaptyss, 2025). The sample-based
nature of conventional testing further exacerbates
this challenge, with compliance teams examining
only a small percentage of transactions or
activities, inevitably missing critical anomalies
that could signal underlying control failures. This
periodic approach is particularly inadequate for
detecting child sexual exploitation (CSE) financial
networks, where criminals deliberately structure
small-value transactions (typically 10-200 EUR) to
remain below detection thresholds and exploit the
gaps between quarterly reviews, allowing
exploitation-related payment patterns to operate
undetected for extended periods (FATF, 2025).

These traditional systems fail to identify the
sophisticated  patterns employed by CSE
perpetrators, who structure transactions below
monitoring  thresholds and use disguised

2019). The quarterly review cycle means that
entire  CSE financial networks can establish,
operate, and evolve their money laundering
techniques between assessment periods, allowing
continuous harm to vulnerable children. In
contrast, financial institutions remain unaware of
their role in facilitating these crimes. This reactive
approach is fundamentally misaligned with the
urgent nature of CSE crimes, where early detection
and disruption of financial flows can prevent
ongoing exploitation and reduce the devastating
long-term impact on victims that extends far
beyond the monetary value of individual
transactions (FATF, 2025).

The Need for Enhanced Customer Risk
Assessment

With the rapid spread of digital banking and
expansion of risk horizons, child sexual
exploitation has emerged as a particularly
insidious financial crime that traditional banking

systems struggle to detect. To prevent child sexual

abuse material (CSAM) related financial crimes
and improve compliance with child protection
regulations, banks must enhance customer risk
assessment through accurate risk ratings that can
identify patterns associated with child exploitation
networks. However, the Financial Stability Board
(2024) notes that banks face significant challenges
in the customer risk rating process when detecting
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these subtle criminal activities. Manual data
collection and infrequent customer information
updates result in inadequate weightages assigned
to risk factors specifically relevant to child
exploitation, such as transaction patterns to high-
risk jurisdictions, small-value payments disguised
as legitimate transfers, and behavioral changes that
may indicate involvement in CSAM distribution
networks, leading to inaccurate risk ratings that
fail to flag potential child exploitation activities.

Financial Stability Board (2024) argue that banks
must employ Al-backed risk detection models
specifically calibrated to automatically detect
deviations in customer behavior that may indicate
involvement in child sexual exploitation activities,
proactively update customer risk profiles when
suspicious patterns emerge, and revise risk ratings
accordingly to enable early intervention in
potential CSAM-related financial flows before
harm to vulnerable children can occur.

Al's Proven Success in Financial Crime
Detection

The integration of Al in combating financial
crimes has already demonstrated significant
advancements  in  protective  capabilities,
establishing a strong foundation for addressing
child exploitation-related financial activities.
According to Patil (2024), financial risk
assessment and fraud detection are being
transformed by artificial intelligence, which
improves efficiency and accuracy through the
processing of massive amounts of financial data in
real time using advanced machine learning
algorithms and big data analytics to identify
patterns and anomalies that indicate risks or fraud.

These efficiency improvements have allowed
financial crime units to detect and prevent illicit
transactions more effectively, with significant
reductions in false positive rates compared to
traditional rule-based systems. Patil (2024) notes
that Al algorithms can continuously monitor
transactions and flag those that deviate from norms
or match fraud patterns, decreasing banking and
payments fraud losses while ensuring consumer
and financial institution security. Al's adaptability
allows it to respond quickly to new fraud schemes,
making it a valuable asset in an evolving threat
landscape.

PRACTICAL APPLICATIONS AND
BENEFITS
Al and Machine Learning Integration

The practical applications of Al-powered risk
detection span across critical functions needed to
combat CSAM-related financial crimes. Modern
Al-enhanced customer risk rating systems become
particularly powerful by integrating machine
learning technologies that can identify the subtle
patterns characteristic of CSAM-related financial
crimes. Al algorithms establish  behavioral
baselines for customer transactions, then
continuously monitor for suspicious deviations that
traditional periodic assessments would miss
(Anaptyss, 2025). Unlike rule-based detection
systems that rely on static thresholds, machine
learning models can identify complex patterns that
might indicate involvement in child exploitation
networks, such as deliberately structuring small
payments to high-risk jurisdictions or using
disguised transaction descriptions like "family
support” to mask illicit activities.

Real-World Applications in CSAM Detection
These Al-integrated systems analyze 100% of
transactions in real-time, identifying suspicious
patterns that align with known CSAM financial
flows rather than relying on sample-based periodic
reviews that miss most potentially suspicious
activities. Unlike conventional systems that use
static rules, ML-based monitoring adapts to
evolving criminal tactics, with one regional bank
experiencing a 76% reduction in the time to detect
potential security incidents after implementing Al-
backed detection models (Anaptyss, 2025).

Real-world implementation of Al-powered
CSAM detection has demonstrated significant
operational ~ success  through  advanced
computational approaches.

Research by Lee (2020) provides a comprehensive
survey of CSAM detection methodologies,
demonstrating that machine learning techniques,
particularly deep learning algorithms and
convolutional neural networks, achieve superior
accuracy in identifying child sexual abuse material
compared to traditional hash-based detection
methods. Lee's analysis reveals that Al-augmented
systems can effectively detect both known CSAM
through perceptual hashing and previously
unknown content through advanced image
classification techniques, enabling law
enforcement agencies to scale their detection
capabilities while reducing the psychological
burden on human analysts who would otherwise be
required to review potentially harmful content
manually.
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Furthermore, practical deployment in financial
institutions has yielded measurable results in
disrupting  exploitation  networks  through
sophisticated pattern recognition.

The Financial Stability Board (2024) has assessed
the implications of artificial intelligence in
financial services, noting various business
applications where Al systems enhance detection
and monitoring capabilities. While specific
implementation details vary across institutions, Al-
enhanced transaction monitoring systems have
demonstrated the ability to identify evolving
patterns in financial transactions, including those
involving cryptocurrency transactions, peer-to-
peer payment platforms, and sophisticated
methods of structuring transactions across multiple
financial service providers. The implementation of
Al-driven  systems has enabled financial
institutions to adapt to rapidly changing
methodologies, with machine learning algorithms
capable of identifying novel transaction patterns
and behavioral anomalies that characterize various
types of illicit financial activities operating across
digital payment ecosystems and traditional
banking networks.

Beyond identifying existing problems, advanced
Al platforms leverage predictive analytics to
anticipate potential vulnerabilities before they can
be exploited in CSAM networks. These systems
analyze historical patterns and current conditions
and help banks avoid emerging exploitation tactics
(Anaptyss, 2025).

Most critically for CSAM prevention, these
systems enable event-triggered assessment of
customer risk profiles. When transactions match
patterns associated with child exploitation, such as
frequent small payments to regions known for live-
streamed abuse or sudden changes in remittance
patterns, the system automatically updates risk
ratings and alerts compliance teams for immediate
investigation (Anaptyss, 2025). By adopting Al-
backed risk detection models specifically

calibrated for CSAM indicators, the Financial
Stability Board (2024) concludes that banks can
update customer risk ratings in real-time, enhance
detection of exploitation-related activities, and
improve compliance with child protection
regulations through proactive identification rather
than reactive detection after harm has occurred.

Connecting Al Risk Rating to CSAM
Prevention

The implementation of Al-enhanced customer risk
rating systems becomes particularly critical in the
context of preventing child sexual abuse material
(CSAM) related financial crimes, where early
identification of high-risk customers can serve as a
crucial preventative measure. Given that CSAM-
related transactions are characterized by their
deliberately unremarkable low-value amounts and
disguised descriptions such as "family support™ or
"gift" (AUSTRAC, 2019), traditional periodic risk
assessments are insufficient to detect the subtle
behavioral patterns that may indicate involvement
in child exploitation networks. By leveraging Al-
backed risk detection models that continuously
monitor for deviations in customer behavior and
automatically update risk ratings in real-time,
financial institutions can proactively identify
customers whose transaction patterns, geographic
relationships, or behavioral changes align with
known CSAM financial flows such as frequent
small payments to high-risk jurisdictions or sudden
changes in remittance patterns to regions known
for child exploitation. This proactive risk rating
approach enables banks to flag potential CSAM-
related  activities  before  they  escalate,
implementing enhanced monitoring and due
diligence measures that can disrupt financial
networks supporting child exploitation while
ensuring that the devastating impact on victims,

which FATF (2025) emphasizes often extends far

beyond the monetary value of these crimes, can be
minimized through early intervention and
prevention rather than reactive detection after
harm has already occurred.
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Enhanced
Detection
Capabilities

Al improves pattern
identification

Early intervention
prevents exploitation

Al-Powered Risk Detection for CSAM Prevention

Periodic reviews
create blind spots

Exploit gaps
between quarterly
reviews

Fig. 1: Al-Powered Risk Detection for CSAM Prevention (Financial Action Task Force; National Institute of
Standards and Technology, 2020)

IMPLEMENTATION CHALLENGES
AND ETHICAL CONSIDERATIONS
Implementing Al in financial fraud prevention
presents significant ethical challenges that
institutions must navigate carefully. As Al
technologies advance, financial institutions face a
delicate balance between leveraging these
powerful tools and addressing privacy concerns
related to the vast amounts of personal and
financial data required for effective operation.
According to Blevins (2023), global business
spending on Al-enabled financial fraud detection
and prevention platforms is projected to exceed
$10 billion globally in 2027, underscoring the
significant investment in this technology despite
these ethical considerations. The "black box"
nature of sophisticated Al algorithms creates
transparency issues, making it difficult for
stakeholders to understand and trust the decision-
making process. This is particularly problematic in
the highly regulated financial sector, where
regulatory frameworks increasingly —mandate
explainability.

Strengthening Regulatory Oversight and
Workforce Considerations

While regulatory bodies play a crucial role in
overseeing Al systems, Shah (2025) suggests
exploring ways to empower them further. This
could involve collaboration between governments,
industry experts, and ethical technologists to
establish standards and best practices, fostering an
ecosystem where accountability is proactive, not
reactive. The displacement of human workers due
to Al automation is a reality that cannot be
ignored. However, Shah (2025) argues that the

transition can be smoother and more ethical if
organizations invest in human capital. Training
and education programs should be designed to
empower displaced workers with relevant skills in
an increasingly Al-driven financial world.

Cybersecurity and Systemic Integrity

As Al systems become the frontline defense
against financial fraud, safeguarding these systems
from adversarial attacks is paramount. Building a
cybersecurity infrastructure capable of
continuously adapting to new threats is an ethical
imperative and a necessity for maintaining the
financial system's integrity (Shah, 2025). By
embracing comprehensive security measures,
financial institutions can ensure that Al and
finance work together effectively, safeguarding
financial systems while respecting privacy and
fairness. Balancing progress with ethics is the key
to a successful and responsible future in Al-
powered financial fraud prevention (Shah, 2025).

Policy and Ethical Considerations

Policy recommendations for financial institutions
and regulatory bodies should focus on creating
standardized frameworks that balance innovation
with accountability. Patil (2024) argues that Al's
opportunities must be balanced with transparency,
fairness, and data protection. These ethical issues
must be addressed to build trust and sustain Al's
use in financial risk assessment and fraud
detection. This is particularly relevant when
addressing sensitive crimes like child exploitation,
where  both  effectiveness and  ethical
considerations are paramount.
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Meanwhile, Suzumura et al. (2022) demonstrate
that cross-institutional collaboration through
federated learning provides a methodology "to
share key information across institutions" (p. 456)

while maintaining privacy protections, suggesting
that regulatory frameworks should actively
encourage such collaborative approaches.

Basic Al Systems

Basic Al systems face
high implementation
challenges with low
ethical concems.

Traditional fraud
detection has low
ethical and
implementation
challenges.

Balancing Al Implementation in Financial Fraud Prevention

Federated learning
addresses high ethical
and implementation
challenges.

Advanced Al systems
balance high ethical
considerations with low
implementaticn
challenges.

Fig. 2: Balancing Al Implementation in Financial Fraud Prevention (Financial Stability Board, 2024; Patil, D.

FUTURE TRENDS

Emerging Research Directions

Several promising research directions are
emerging to enhance these capabilities further.
Suzumura et al. (2022) highlight that federated
learning approaches that allow financial
institutions to train Al models collaboratively
without sharing sensitive customer data address
privacy concerns while improving detection
capabilities across organizational boundaries.
Their research demonstrates that federated models
outperform local models by approximately 20%
when tested on financial crime datasets. The
authors emphasize that "this new platform opens
up the door to detect global money laundering
activity efficiently" (Suzumura et al., 2022, p.
464), particularly relevant for tracking financial
networks supporting child exploitation that
frequently operate across multiple jurisdictions.

Additionally, graph-based learning approaches are
promising in identifying complex transaction
patterns and relationships between entities
financing illicit activities. These approaches can
map connections between seemingly unrelated

transactions that, when viewed collectively, reveal
patterns consistent with exploitation networks.

Integrated Protection Frameworks

A holistic approach to protecting children through
financial intelligence requires integration across
multiple systems and stakeholders. This
framework necessitates cooperation between
financial institutions, law enforcement agencies,
technology companies, and child protection
organizations. As Suzumura et al., (2022) observe,
"Where financial institutions address financial
crimes through the lens of their firm, perpetrators
may devise sophisticated strategies that may span
across institutions and geographies” (p. 458).

Financial institutions can significantly disrupt the
financial infrastructure supporting these criminal
enterprises by developing specialized Al models
trained on patterns specific to child exploitation
finances and implementing cross-sectoral data
sharing initiatives with appropriate privacy
safeguards. The evolution of these technologies
and frameworks represents a critical front in the
global effort to protect children from exploitation
through  sophisticated financial intelligence
capabilities.

Table 2: Integrated Protection Framework Components (Shah, R. 2025; Suzumura, T. et al., 2022)

Framework
Component

Stakeholder Involvement

Expected Outcomes

Multi-institutional Al | Financial institutions collaborating

Improved global detection capabilities
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Model Training

through federated learning approaches | without compromising sensitive customer

data privacy

Cross-Jurisdictional
Transaction
Monitoring

Banks, payment processors, and
international law enforcement agencies

Enhanced tracking of financial networks
that operate across multiple jurisdictions
and regulatory environments

Specialized Pattern

Recognition Systems protection organizations are

Technology companies and child

developing CSAM-specific algorithms | financing networks

More accurate identification of transaction
patterns unique to child exploitation

Regulatory
Framework

Development establishing standards

Government agencies, financial
regulators, and industry experts are

Standardized approaches that balance
innovation with accountability while
ensuring ethical Al deployment

. . Law enforcement, financial
Real-time Intelligence

Sharing Networks .
agencies

institutions, and child protection

Rapid response capabilities that can disrupt
exploitation networks before further harm
occurs to vulnerable children

CONCLUSION

This  article  demonstrates how artificial
intelligence transforms the fight against child
exploitation through financial intelligence systems.
Al-enhanced transaction monitoring successfully
identifies the deliberately small, disguised
payments (10-200 EUR) that characterize OCSE
activities, while advanced customer risk rating
systems using continuous Al monitoring replace
inadequate quarterly assessments, enabling real-
time detection of exploitation patterns. According
to NIST evaluation, multi-modal CSAM detection
systems achieve significant error rate reductions,
with implementations showing approximately 40-
50% improvement in detection accuracy compared
to single-feature analysis. Despite implementation
challenges, including privacy  concerns,
algorithmic ~ transparency, and  workforce
displacement  requiring ethical frameworks,
emerging technologies like federated learning
enable cross-institutional collaboration without
compromising data privacy, with federated models
outperforming local models by approximately 20%
when tested on financial crime datasets. The
integrated protection framework uniting financial
institutions, law  enforcement,  technology
companies, and child protection organizations
through real-time intelligence sharing represents
the most promising path forward. These Al-
powered systems provide law enforcement and
financial institutions with powerful tools to disrupt
exploitation  networks, ultimately protecting
vulnerable children through proactive financial
intelligence rather than reactive detection.

REFERENCES

1. Anaptyss.. “How Al-powered continuous
controls monitoring is revolutionizing banking
risk management.” NASSCOM. (2025)
https://community.nasscom.in/communities/bf

2. AUSTRAC.

6. National

si/how-ai-powered-continuous-controls-
monitoring-revolutionizing-banking-risk
“Combating  the sexual
exploitation of children for financial gain”.
(2019)
https://www.austrac.gov.au/sites/default/files/2
019-

11/Fintel%20Alliance%20 Financial%20Indic
ators%20Report Combating%20the%20sexual
%20exploitation%200f%20children.pdf

3. Blevins, A. “The ethical implications of Al in

financial fraud prevention”. REDi Enterprise
Development. (2023).
https://blog.4redi.com/blogs/ethical-
implication-of-ai-in-fraud-
prevention#:~:text=While%20AI1%200ffers%?2
Oundeniable%20benefits%20in%20the%20real
m,and%20trust%20the%20decision-
making%20process.%20...%20More%20items

4. Child Helpline International. “Assessing the

threat of child sexual abuse online”. (2023).
https://childhelplineinternational.org/assessing
-the-threat-of-child-sexual-abuse-online/

5. Financial Action Task Force. “Detecting,

disrupting and investigating online child
sexual exploitation”. (2025) https://www.fatf-
gafi.org/content/dam/fatf-

gafi/reports/Online%20Child%20Sexual%20E
xploitation%20Report.pdf.coredownload.inlin

e.pdf

Institute of Standards and
Technology. “Evaluation of multi-modal
approaches for illicit content detection” (NIST
Special Publication 500-332). u.s.
Department of Commerce. (2020)
https://nvipubs.nist.gov/nistpubs/SpecialPublic
ations/NIST.SP.500-332.pdf

7. Financial Stability Board. “FSB assesses the

financial stability implications of artificial
intelligence”. (2024)

Copyright © 2022 The Author(s): This work is licensed under a Creative Commons Attribution- NonCommercial-NoDerivatives 4.0 374
(CC BY-NC-ND 4.0) International License

Publisher: SARC Publisher


https://nasscom.in/communities/bfsi/how-ai-powered-continuous-controls-monitoring-revolutionizing-banking-risk
https://community.nasscom.in/communities/bfsi/how-ai-powered-continuous-controls-monitoring-revolutionizing-banking-risk
https://community.nasscom.in/communities/bfsi/how-ai-powered-continuous-controls-monitoring-revolutionizing-banking-risk
https://community.nasscom.in/communities/bfsi/how-ai-powered-continuous-controls-monitoring-revolutionizing-banking-risk
https://www.fatf-gafi.org/content/dam/fatf-gafi/reports/Online%20Child%20Sexual%20Exploitation%20Report.pdf.coredownload.inline.pdf
https://www.fatf-gafi.org/content/dam/fatf-gafi/reports/Online%20Child%20Sexual%20Exploitation%20Report.pdf.coredownload.inline.pdf
https://www.austrac.gov.au/sites/default/files/2019-11/Fintel%20Alliance%20_Financial%20Indicators%20Report_Combating%20the%20sexual%20exploitation%20of%20children.pdf
https://www.austrac.gov.au/sites/default/files/2019-11/Fintel%20Alliance%20_Financial%20Indicators%20Report_Combating%20the%20sexual%20exploitation%20of%20children.pdf
https://www.austrac.gov.au/sites/default/files/2019-11/Fintel%20Alliance%20_Financial%20Indicators%20Report_Combating%20the%20sexual%20exploitation%20of%20children.pdf
https://www.austrac.gov.au/sites/default/files/2019-11/Fintel%20Alliance%20_Financial%20Indicators%20Report_Combating%20the%20sexual%20exploitation%20of%20children.pdf
https://www.austrac.gov.au/sites/default/files/2019-11/Fintel%20Alliance%20_Financial%20Indicators%20Report_Combating%20the%20sexual%20exploitation%20of%20children.pdf
https://blog.4redi.com/blogs/ethical-implication-of-ai-in-fraud-prevention#:~:text=While%20AI%20offers%20undeniable%20benefits%20in%20the%20realm,and%20trust%20the%20decision-making%20process.%20...%20More%20items
https://blog.4redi.com/blogs/ethical-implication-of-ai-in-fraud-prevention#:~:text=While%20AI%20offers%20undeniable%20benefits%20in%20the%20realm,and%20trust%20the%20decision-making%20process.%20...%20More%20items
https://blog.4redi.com/blogs/ethical-implication-of-ai-in-fraud-prevention#:~:text=While%20AI%20offers%20undeniable%20benefits%20in%20the%20realm,and%20trust%20the%20decision-making%20process.%20...%20More%20items
https://blog.4redi.com/blogs/ethical-implication-of-ai-in-fraud-prevention#:~:text=While%20AI%20offers%20undeniable%20benefits%20in%20the%20realm,and%20trust%20the%20decision-making%20process.%20...%20More%20items
https://blog.4redi.com/blogs/ethical-implication-of-ai-in-fraud-prevention#:~:text=While%20AI%20offers%20undeniable%20benefits%20in%20the%20realm,and%20trust%20the%20decision-making%20process.%20...%20More%20items
https://blog.4redi.com/blogs/ethical-implication-of-ai-in-fraud-prevention#:~:text=While%20AI%20offers%20undeniable%20benefits%20in%20the%20realm,and%20trust%20the%20decision-making%20process.%20...%20More%20items
https://blog.4redi.com/blogs/ethical-implication-of-ai-in-fraud-prevention#:~:text=While%20AI%20offers%20undeniable%20benefits%20in%20the%20realm,and%20trust%20the%20decision-making%20process.%20...%20More%20items
https://blog.4redi.com/blogs/ethical-implication-of-ai-in-fraud-prevention#:~:text=While%20AI%20offers%20undeniable%20benefits%20in%20the%20realm,and%20trust%20the%20decision-making%20process.%20...%20More%20items
https://childhelplineinternational.org/assessing-the-threat-of-child-sexual-abuse-online/
https://childhelplineinternational.org/assessing-the-threat-of-child-sexual-abuse-online/
https://childhelplineinternational.org/assessing-the-threat-of-child-sexual-abuse-online/
https://www.fatf-gafi.org/content/dam/fatf-gafi/reports/Online%20Child%20Sexual%20Exploitation%20Report.pdf.coredownload.inline.pdf
https://www.fatf-gafi.org/content/dam/fatf-gafi/reports/Online%20Child%20Sexual%20Exploitation%20Report.pdf.coredownload.inline.pdf
https://www.fatf-gafi.org/content/dam/fatf-gafi/reports/Online%20Child%20Sexual%20Exploitation%20Report.pdf.coredownload.inline.pdf
https://www.fatf-gafi.org/content/dam/fatf-gafi/reports/Online%20Child%20Sexual%20Exploitation%20Report.pdf.coredownload.inline.pdf
https://www.fatf-gafi.org/content/dam/fatf-gafi/reports/Online%20Child%20Sexual%20Exploitation%20Report.pdf.coredownload.inline.pdf
https://www.fatf-gafi.org/content/dam/fatf-gafi/reports/Online%20Child%20Sexual%20Exploitation%20Report.pdf.coredownload.inline.pdf
https://nvlpubs.nist.gov/nistpubs/SpecialPublications/NIST.SP.500-332.pdf
https://nvlpubs.nist.gov/nistpubs/SpecialPublications/NIST.SP.500-332.pdf

Gudisay, S. K. & Tran, L. N. K.

Sarc. Jr. Eng. Com. Sci. vol-4, issue-7 (2025) pp-367-375

10.

https://www.fsb.org/2024/11/fsh-assesses-the-
financial-stability-implications-of-artificial-
intelligence/

Patil, D. “Artificial intelligence in financial
risk assessment and fraud detection:
Opportunities and ethical concerns”. SSRN.
(2024)
https://papers.ssrn.com/sol3/papers.cfm?abstra
ct id=5057434

Shah, R. “Financial crime in the age of Al:
Challenges and opportunities”. Arva Al.
(2025) https://arva.ai/blog/financial-crime-in-
the-age-of-ai-challenges-and-opportunities/
Suzumura, T., Zhou, Y. Kawahara, R.,
Baracaldo, N., & Ludwig, H. "Federated
learning for collaborative financial crimes

11.

12.

comprehensive overview of methods and
applications. Cham: Springer International
Publishing, (2022). 455-466.

Lee, H. E., Ermakova, T., Ververis, V., &
Fabian, B. "Detecting child sexual abuse
material: A comprehensive survey." Forensic
Science International: Digital Investigation 34
(2020): 301022.

Austrac. “Combating the sexual exploitation of
children for financial gain activity indicators
report” (2023)
https://www.austrac.gov.au/business/how-
comply-guidance-and-resources/quidance-
resources/combating-sexual-exploitation-
children-financial-gain-activity-indicators-
report

detection." Federated learning: A

Source of support: Nil; Conflict of interest: Nil.
Cite this article as:

Gudisay, S. k. & Tran, L. N. K. “Al-Powered Financial Intelligence: Disrupting the Economic Chains of Child
Exploitation” Sarcouncil Journal of Engineering and Computer Sciences 4.7 (2025): pp 367-375.

Copyright © 2022 The Author(s): This work is licensed under a Creative Commons Attribution- NonCommercial-NoDerivatives 4.0

375

(CC BY-NC-ND 4.0) International License
Publisher: SARC Publisher


https://www.fsb.org/2024/11/fsb-assesses-the-financial-stability-implications-of-artificial-intelligence/
https://www.fsb.org/2024/11/fsb-assesses-the-financial-stability-implications-of-artificial-intelligence/
https://www.fsb.org/2024/11/fsb-assesses-the-financial-stability-implications-of-artificial-intelligence/
https://papers.ssrn.com/sol3/papers.cfm?abstract_id=5057434
https://papers.ssrn.com/sol3/papers.cfm?abstract_id=5057434
https://papers.ssrn.com/sol3/papers.cfm?abstract_id=5057434
https://papers.ssrn.com/sol3/papers.cfm?abstract_id=5057434
https://arva.ai/blog/financial-crime-in-the-age-of-ai-challenges-and-opportunities/
https://arva.ai/blog/financial-crime-in-the-age-of-ai-challenges-and-opportunities/
https://arva.ai/blog/financial-crime-in-the-age-of-ai-challenges-and-opportunities/
https://www.austrac.gov.au/business/how-comply-guidance-and-resources/guidance-resources/combating-sexual-exploitation-children-financial-gain-activity-indicators-report
https://www.austrac.gov.au/business/how-comply-guidance-and-resources/guidance-resources/combating-sexual-exploitation-children-financial-gain-activity-indicators-report
https://www.austrac.gov.au/business/how-comply-guidance-and-resources/guidance-resources/combating-sexual-exploitation-children-financial-gain-activity-indicators-report
https://www.austrac.gov.au/business/how-comply-guidance-and-resources/guidance-resources/combating-sexual-exploitation-children-financial-gain-activity-indicators-report
https://www.austrac.gov.au/business/how-comply-guidance-and-resources/guidance-resources/combating-sexual-exploitation-children-financial-gain-activity-indicators-report

