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Abstract: AI-enhanced cloud-based data analytics represents a transformative force in modern healthcare delivery, fundamentally 

altering how medical institutions process information, deliver patient care, and optimize operational efficiency. The integration of 

artificial intelligence technologies with distributed computing infrastructure enables healthcare organizations to extract meaningful 

insights from vast medical datasets while supporting predictive analytics, precision medicine, and personalized treatment protocols. 

Machine learning algorithms deployed on cloud platforms demonstrate exceptional capabilities in early disease detection, genomic 

analysis, and treatment outcome prediction, shifting healthcare delivery from reactive to proactive intervention strategies. Operational 

excellence emerges through intelligent workflow optimization, patient admission forecasting, and real-time dashboard analytics that 

enhance clinical decision-making processes and resource allocation efficiency. Data integration frameworks address critical 

interoperability challenges by establishing standardized protocols for cross-institutional collaboration while maintaining security and 

compliance standards. Remote monitoring capabilities through IoT device integration and telemedicine platforms expand healthcare 

accessibility, enable continuous chronic disease management, and provide real-time health trend analysis through wearable 

technologies. The convergence of these technological advances positions healthcare organizations to deliver more effective, efficient, 

and personalized medical care while reducing costs and improving population health outcomes across diverse geographic and 

demographic populations. 
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INTRODUCTION 
AI-enhanced cloud-based data analytics in 

healthcare represents the convergence of artificial 

intelligence technologies with distributed 

computing infrastructure to transform medical data 

processing and clinical decision-making 

capabilities. This technological integration 

encompasses machine learning algorithms, deep 

neural networks, and advanced statistical models 

deployed across cloud platforms to extract 

meaningful insights from complex healthcare 

datasets. The scope of these systems extends 

across multiple domains, including clinical 

diagnostics, population health management, 

genomic analysis, and operational workflow 

optimization within healthcare organizations (Hao, 

Y. et al., 2017). Cloud-based analytics platforms 

enable healthcare institutions to process enormous 

volumes of structured and unstructured medical 

data while maintaining scalability and accessibility 

across geographically distributed networks. 
 

Contemporary healthcare data management 

systems encounter substantial obstacles that limit 

effective patient care delivery and organizational 

efficiency. Healthcare institutions frequently 

operate with fragmented information systems 

where patient data remains isolated across 

disparate platforms, preventing comprehensive 

clinical assessments and coordinated treatment 

approaches. The lack of standardized data formats 

and communication protocols creates significant 

barriers to information sharing between healthcare 

providers, laboratories, and specialist facilities 

(Rajkomar, A. et al., 2018). Legacy infrastructure 

constraints force healthcare organizations to 

maintain expensive on-premises computing 

resources that cannot adequately scale to meet 

growing data processing demands. Manual data 

entry and analysis procedures introduce delays in 

clinical workflows while increasing the risk of 

human error in critical medical decisions. 
 

The research objectives focus on examining how 

AI-enhanced cloud analytics transforms healthcare 

delivery mechanisms, improves operational 

performance metrics, and enhances patient 

outcome measurements through intelligent data 

processing. This investigation addresses critical 

healthcare industry challenges, including 

escalating operational costs, healthcare 

professional burnout rates, medical error reduction, 

and the increasing demand for individualized 

treatment protocols (Hao, Y. et al., 2017). The 

significance of this research lies in providing 

empirical evidence for healthcare organizations 

considering digital transformation initiatives and 

establishing frameworks for the successful 

implementation of cloud-based analytics solutions. 
 

Emerging trends in healthcare analytics 

demonstrate the transformative potential of cloud-
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based artificial intelligence systems across various 

medical applications. Machine learning algorithms 

deployed on cloud platforms show remarkable 

capabilities in medical image analysis, disease 

pattern recognition, and treatment outcome 

prediction based on historical patient data 

(Rajkomar, A. et al., 2018). Real-time data 

processing capabilities enable continuous 

monitoring of patient vital signs and physiological 

parameters through connected medical devices and 

wearable sensors. The integration of genomic 

sequencing data with electronic health records 

through cloud analytics facilitates precision 

medicine approaches that customize treatment 

protocols based on individual genetic profiles and 

biomarkers. These technological developments 

position healthcare organizations to deliver 

proactive medical interventions, reduce diagnostic 

errors, and optimize resource allocation while 

improving overall population health outcomes 

through evidence-based clinical practices. 
 

PREDICTIVE ANALYTICS AND 
PRECISION MEDICINE 
Machine learning algorithms in healthcare 

environments have revolutionized early disease 

detection capabilities by processing vast amounts 

of patient data to identify subtle patterns indicative 

of developing pathological conditions. These 

sophisticated computational models analyze multi-

dimensional datasets encompassing laboratory 

biomarkers, radiological findings, physiological 

measurements, and historical medical records to 

detect disease onset before traditional clinical 

symptoms become apparent. Cloud-based machine 

learning platforms enable continuous model 

refinement through exposure to diverse patient 

populations, improving diagnostic accuracy and 

reducing false positive rates in screening programs 

(Kaur, P. et al., 2018). The implementation of 

these predictive systems allows healthcare 

providers to shift from reactive treatment 

approaches to proactive intervention strategies, 

fundamentally altering the trajectory of patient 

care delivery and clinical outcomes across various 

medical specialties. 
 

Genomic data analysis through advanced 

computational frameworks has transformed 

personalized treatment protocol development by 

examining individual genetic variations and 

correlating these findings with therapeutic 

responses and disease susceptibility patterns. 

Cloud-based analytics platforms process 

comprehensive genomic sequences, identifying 

specific genetic mutations, polymorphisms, and 

epigenetic modifications that influence drug 

metabolism, treatment efficacy, and adverse 

reaction probabilities for individual patients. These 

systems analyze pharmacogenomic databases to 

establish personalized medication regimens, 

optimize dosing strategies, and predict therapeutic 

outcomes based on genetic profiles and molecular 

biomarkers (Ching, T. et al., 2018). The scalability 

of cloud infrastructure enables healthcare 

institutions to process enormous genomic datasets 

while maintaining computational efficiency and 

data security standards required for sensitive 

genetic information management. 
 

Predictive analytics applications in oncology, 

endocrinology, and cardiology demonstrate 

substantial improvements in patient management 

through sophisticated risk stratification and early 

intervention protocols. Machine learning models 

process medical imaging data, histopathological 

findings, and clinical parameters to identify 

malignant transformation patterns and cancer 

progression indicators before conventional 

diagnostic methods detect abnormalities. 

Cardiovascular risk assessment algorithms analyze 

electrocardiographic patterns, hemodynamic 

measurements, lipid metabolism markers, and 

lifestyle variables to predict coronary events and 

guide preventive interventions (Kaur, P. et al., 

2018). Endocrine system monitoring through 

predictive analytics examines glucose homeostasis 

patterns, insulin sensitivity markers, and metabolic 

syndrome indicators to identify pre-diabetic states 

and implement targeted therapeutic interventions. 
 

Electronic health record integration with predictive 

modeling systems creates comprehensive patient 

assessment frameworks that leverage longitudinal 

clinical data, treatment histories, and population 

health statistics to generate accurate prognostic 

predictions. These integrated platforms analyze 

extensive medical databases containing medication 

records, procedure outcomes, diagnostic results, 

and comorbidity patterns to develop individualized 

risk profiles for various disease conditions (Ching, 

T. et al., 2018). Cloud-based integration facilitates 

seamless data aggregation across multiple 

healthcare facilities, creating unified patient 

records that support coordinated care delivery and 

evidence-based clinical decision-making 

processes. Advanced natural language processing 

techniques extract meaningful information from 

unstructured clinical documentation, enhancing 

predictive model accuracy and providing 

healthcare providers with comprehensive patient 
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risk assessments that inform treatment planning 

and resource allocation decisions. 

 

 
Fig 1: Predictive Analytics in Healthcare (Kaur, P. et al., 2018; Ching, T. et al., 2018) 

 

OPERATIONAL EXCELLENCE AND 
RESOURCE OPTIMIZATION 
Hospital workflow optimization through AI-driven 

insights represents a fundamental transformation in 

healthcare operations management, where 

sophisticated algorithms analyze complex 

operational data streams to enhance efficiency and 

resource utilization across clinical environments. 

Advanced computational systems process 

multifaceted datasets encompassing patient flow 

dynamics, equipment availability, staff allocation 

patterns, and departmental capacity metrics to 

identify operational bottlenecks and inefficiencies 

that impact care delivery. Machine learning 

models examine historical workflow patterns, 

treatment protocols, and resource consumption 

data to generate optimization recommendations 

that streamline clinical processes while 

maintaining quality standards (Sahiner, B. et al., 

2019). These intelligent systems continuously 

monitor operational performance indicators, 

including patient wait times, procedure completion 

rates, and resource turnover metrics, to provide 

actionable insights for process improvement 

initiatives and strategic operational planning. 
 

Patient admission forecasting and staff scheduling 

algorithms utilize predictive analytics 

methodologies to anticipate healthcare service 

demand fluctuations and optimize workforce 

deployment across various hospital departments 

and specialty services. Sophisticated forecasting 

frameworks analyze temporal patterns, 

demographic variables, epidemiological data, and 

historical utilization statistics to predict patient 

volume variations with enhanced precision 

capabilities. These computational models integrate 

multiple environmental factors, including seasonal 

disease patterns, community health trends, 

emergency service utilization, and elective 

procedure scheduling to generate comprehensive 

demand projections (Opol, E. J. 2019). Advanced 

scheduling optimization algorithms then 

coordinate staff assignments, shift configurations, 

and competency distributions to ensure appropriate 

coverage during high-demand periods while 

optimizing labor efficiency during standard 

operational intervals. 
 

Real-time dashboard analytics for clinical decision 

support deliver immediate access to critical patient 

information, operational metrics, and evidence-

based treatment guidance through sophisticated 

visualization platforms designed for healthcare 

professionals. These comprehensive analytics 

systems aggregate data from multiple sources, 

including electronic medical records, laboratory 

information systems, medical monitoring devices, 

and clinical research databases, to present relevant 

information in accessible formats tailored to 

specific healthcare roles and clinical specialties. 

Dashboard interfaces display essential 

performance metrics including patient severity 

indices, treatment adherence measurements, 
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quality assurance indicators, and safety 

compliance statistics to facilitate informed clinical 

decision-making processes (Sahiner, B. et al., 

2019). Intelligent notification systems alert 

healthcare providers regarding critical patient 

status modifications, potential complications, and 

protocol deviations, enabling timely intervention 

responses and proactive patient safety management 

strategies. 
 

Cost reduction strategies and efficiency metrics 

derived from AI-enhanced analytics platforms 

enable healthcare institutions to identify 

substantial opportunities for operational 

enhancement and financial optimization across 

diverse service delivery areas. Comprehensive 

financial analysis algorithms examine resource 

allocation patterns, supply chain performance, 

facility utilization data, and administrative cost 

structures to recommend targeted efficiency 

improvements without compromising patient care 

standards. These analytical systems evaluate 

treatment effectiveness data, hospital readmission 

patterns, length of stay distributions, and resource 

consumption metrics to identify optimal care 

delivery methodologies and eliminate redundant 

operational practices (Opol, E. J. 2019). 

Performance measurement frameworks monitor 

operational efficiency parameters, including 

facility throughput rates, diagnostic processing 

times, procedure completion statistics, and patient 

experience scores, providing healthcare 

administrators with comprehensive insights for 

continuous improvement programs and strategic 

organizational development initiatives. 

 

Table 1: Resource Optimization and Workflow Enhancements via AI Technologies (Sahiner, B. et al., 2019; 

Opol, E. J. 2019) 

Operational Focus AI Techniques Used Key Outcomes 

Hospital Workflow 

Optimization 

Machine Learning, Operational Data 

Analysis 

Reduced bottlenecks, enhanced clinical 

process efficiency 

Patient Admission 

Forecasting 

Predictive Analytics, Environmental 

Data Integration 

Accurate demand predictions, proactive 

planning 

Staff Scheduling Advanced Scheduling Algorithms, 

Competency Matching 

Optimal shift coverage, improved labor 

utilization 

Real-Time Decision 

Support 

Dashboard Analytics, Data Aggregation 

from EMRs and Devices 

Timely clinical decisions, improved care 

quality 

Alert and Notification 

Systems 

Intelligent Alerts, Clinical Monitoring 

Integration 

Rapid response to complications, 

improved patient safety 

Cost Reduction 

Strategies 

Financial Analytics, Resource 

Consumption Analysis 

Minimized waste, cost-efficient care 

delivery 

Performance 

Monitoring 

KPI Dashboards, Throughput and 

Experience Metrics 

Informed decision-making, continuous 

improvement in operations 
 

DATA INTEGRATION AND 
INTEROPERABILITY FRAMEWORKS 
Healthcare data standardization encounters 

complex obstacles stemming from the fragmented 

nature of medical information systems and the 

diverse array of data formats utilized across 

different healthcare environments. Medical 

institutions operate with incompatible electronic 

health record systems, laboratory information 

management platforms, and imaging repositories 

that employ distinct data structures and 

terminology standards. The absence of universal 

healthcare data exchange standards creates 

substantial barriers to effective information sharing 

between hospitals, primary care practices, 

specialty clinics, and diagnostic facilities. 

Variations in clinical documentation practices, 

diagnostic coding methodologies, and data entry 

protocols further complicate standardization 

efforts across healthcare networks (Herland, M. et 

al., 2014). These interoperability challenges result 

in incomplete patient histories, redundant 

diagnostic procedures, and fragmented care 

coordination that diminishes treatment 

effectiveness and increases operational 

inefficiencies throughout healthcare delivery 

systems. 
 

Cloud-based solutions for disparate data source 

unification establish robust technological 

foundations that enable healthcare organizations to 

consolidate information from multiple institutional 

sources while maintaining scalability and 

performance requirements. Modern cloud 

architectures provide distributed computing 

capabilities that support real-time data aggregation 

from diverse healthcare information systems, 
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including clinical databases, laboratory networks, 

pharmaceutical systems, and medical device 

platforms. These comprehensive integration 

platforms utilize standardized data exchange 

protocols and application programming interfaces 

to facilitate seamless connectivity between 

heterogeneous healthcare technologies and vendor 

systems (Bates, D. W. et al., 2014). Cloud 

infrastructure solutions accommodate massive data 

processing requirements and concurrent user 

access demands while implementing an advanced 

security framework, including data encryption, 

identity management, and compliance monitoring 

systems that meet stringent healthcare privacy 

regulations. 
 

AI-powered data cleaning and harmonization 

processes employ sophisticated computational 

algorithms to automatically identify, correct, and 

standardize data quality issues that arise when 

consolidating information from multiple healthcare 

sources. Advanced machine learning models 

analyze data patterns to detect inconsistencies, 

missing information, duplicate entries, and 

formatting irregularities that commonly occur 

during healthcare data integration processes. 

Natural language processing techniques extract 

structured information from unstructured clinical 

documentation, converting narrative text into 

standardized data elements that support 

comprehensive analysis and reporting capabilities 

(Herland, M. et al., 2014). These intelligent data 

processing systems continuously adapt to new data 

sources and quality patterns, improving automated 

validation procedures while reducing manual 

intervention requirements for healthcare data 

management operations. 
 

Cross-institutional collaboration platforms 

establish comprehensive frameworks that facilitate 

secure information exchange, coordinated patient 

care, and collaborative research initiatives across 

healthcare networks and academic medical centers. 

These advanced collaboration systems implement 

standardized data sharing protocols, governance 

structures, and privacy protection mechanisms that 

enable healthcare organizations to participate in 

multi-institutional quality improvement programs, 

clinical research studies, and population health 

initiatives. Sophisticated access control systems 

provide role-based permissions and audit 

capabilities that ensure appropriate information 

sharing while maintaining patient confidentiality 

and regulatory compliance standards (Bates, D. W. 

et al., 2014). These collaborative platforms support 

large-scale healthcare consortia and research 

networks that leverage aggregated clinical data 

resources to advance evidence-based medicine, 

develop treatment guidelines, and improve patient 

outcomes through coordinated healthcare delivery 

approaches and shared clinical expertise across 

institutional boundaries. 
 

 
Fig 2: Healthcare Data Integration and Collaboration (Herland, M. et al., 2014; Bates, D. W. et al., 2014) 
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REMOTE MONITORING AND 
TELEMEDICINE ADVANCEMENT 
IoT device integration with cloud analytics 

platforms creates sophisticated healthcare 

ecosystems that enable comprehensive patient 

monitoring through interconnected medical 

sensors and intelligent data processing systems. 

Modern IoT healthcare networks incorporate 

diverse sensing technologies, including continuous 

glucose monitors, wireless blood pressure cuffs, 

smart inhalers, and cardiac monitoring patches that 

automatically transmit physiological data to cloud-

based analytics platforms. These integrated 

monitoring systems utilize advanced 

communication protocols and edge computing 

capabilities to ensure reliable data transmission 

while minimizing latency and power consumption 

requirements. Cloud analytics platforms process 

massive volumes of sensor data using machine 

learning algorithms that identify clinical patterns, 

detect anomalies, and generate predictive insights 

for healthcare providers (Abdulmalek, S. et al., 

2022). The distributed architecture of cloud-based 

IoT systems enables scalable monitoring solutions 

that can accommodate expanding patient 

populations while maintaining real-time 

processing capabilities and data security standards 

across healthcare networks. 
 

Chronic disease management through continuous 

monitoring transforms traditional episodic care 

models by providing healthcare providers with 

persistent insights into patient health trajectories 

and treatment effectiveness between scheduled 

clinical encounters. Advanced remote monitoring 

programs track multiple physiological parameters, 

medication compliance patterns, symptom severity 

indicators, and lifestyle behaviors for patients 

managing diabetes, cardiovascular conditions, 

respiratory disorders, and other chronic medical 

conditions. These comprehensive monitoring 

frameworks analyze longitudinal health data to 

identify subtle changes in disease progression, 

predict clinical events, and optimize therapeutic 

interventions before acute episodes occur. 

Continuous monitoring systems integrate patient-

generated health data with clinical information to 

create comprehensive health profiles that support 

evidence-based treatment modifications and 

preventive care strategies (Wootton, R. 2012). The 

implementation of persistent monitoring 

capabilities enables early identification of 

treatment non-adherence, disease exacerbations, 

and complication development that may remain 

undetected during traditional periodic healthcare 

visits. 
 

Wearable technology and real-time health trend 

analysis provide continuous health surveillance 

capabilities through advanced biosensors and 

intelligent data processing algorithms that monitor 

physiological and behavioral parameters 

throughout daily activities. Contemporary 

wearable devices incorporate sophisticated sensors 

that measure heart rate dynamics, respiratory 

patterns, physical activity metrics, sleep quality 

indicators, and stress-related biomarkers to 

generate comprehensive health assessments. 

Cloud-based analytics platforms process 

continuous data streams from wearable 

technologies, applying advanced pattern 

recognition algorithms to identify health trends, 

detect early warning indicators, and generate 

personalized health recommendations based on 

individual baseline patterns and population health 

data (Abdulmalek, S. et al., 2022). These 

intelligent monitoring systems analyze correlations 

between environmental factors, behavioral 

patterns, and physiological responses to provide 

actionable insights for lifestyle optimization and 

preventive healthcare interventions. 
 

Telemedicine scalability and accessibility 

improvements through advanced digital health 

platforms enable healthcare organizations to 

deliver comprehensive virtual care services across 

diverse geographic regions and patient 

demographics while maintaining clinical quality 

standards. Modern telemedicine infrastructure 

incorporates high-resolution video conferencing, 

secure communication channels, remote diagnostic 

tools, and integrated electronic health record 

systems that facilitate comprehensive virtual 

clinical encounters. Cloud-based telemedicine 

platforms support flexible deployment models that 

accommodate varying technological capabilities, 

internet connectivity conditions, and clinical 

workflow requirements while ensuring regulatory 

compliance and patient privacy protection 

(Wootton, R. 2012). These scalable virtual care 

solutions eliminate geographical barriers to 

healthcare access, reduce travel requirements for 

routine medical consultations, and enable 

specialized medical expertise to reach underserved 

populations through distributed care delivery 

models that maintain clinical effectiveness while 

improving healthcare accessibility and cost 

efficiency.
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Fig 3: Advancements in Remote Monitoring and Telemedicine (Abdulmalek, S. et al., 2022; Wootton, R. 

2012) 
 

CONCLUSION 
The implementation of AI-enhanced cloud-based 

data analytics in healthcare environments 

demonstrates substantial potential for transforming 

medical practice, operational efficiency, and 

patient outcomes across multiple domains of 

healthcare delivery. Predictive analytics and 

precision medicine capabilities enable early 

disease detection and personalized treatment 

protocols that shift healthcare paradigms from 

reactive to proactive intervention strategies. 

Operational optimization through intelligent 

workflow management, resource allocation 

algorithms, and real-time analytics dashboards 

significantly improves hospital efficiency and 

clinical decision-making processes. Data 

integration frameworks successfully address 

longstanding interoperability challenges while 

establishing secure collaboration platforms that 

facilitate cross-institutional information sharing 

and coordinated care delivery. Remote monitoring 

technologies and telemedicine advancements 

expand healthcare accessibility, enable continuous 

patient surveillance, and support chronic disease 

management through connected medical devices 

and wearable sensors. Future developments in 

healthcare analytics will likely focus on enhanced 

machine learning model sophistication, expanded 

IoT device integration, improved data 

standardization protocols, and advanced security 

frameworks that protect patient privacy while 

enabling comprehensive data sharing. Healthcare 

organizations must consider regulatory compliance 

requirements, staff training needs, infrastructure 

investment strategies, and change management 

approaches when implementing cloud-based 

analytics solutions. The successful adoption of 

these technologies requires strategic planning, 

stakeholder engagement, and phased 

implementation approaches that ensure sustainable 

digital transformation initiatives while maintaining 

patient care quality standards and operational 

continuity. 
 

REFERENCES 
1. Hao, Y. et al., "Disease Prediction by Machine 

Learning Over Big Data From Healthcare 

Communities," ResearchGate, (2017).: 

https://www.researchgate.net/publication/3164

96634_Disease_Prediction_by_Machine_Lear

ning_Over_Big_Data_From_Healthcare_Com

munities 

2. Rajkomar, A., Oren, E., Chen, K., Dai, A. M., 

Hajaj, N., Hardt, M., ... & Dean, J. "Scalable 

and accurate deep learning with electronic 

health records." NPJ digital medicine 1.1 

(2018): 18. 

3. Kaur, P., Sharma, M., & Mittal, M. "Big data 

and machine learning based secure healthcare 

framework." Procedia computer science 132 

(2018): 1049-1059. 

4. Ching, T., Himmelstein, D. S., Beaulieu-Jones, 

B. K., Kalinin, A. A., Do, B. T., Way, G. P., ... 

& Greene, C. S. "Opportunities and obstacles 

for deep learning in biology and 

medicine." Journal of the royal society 

interface 15.141 (2018): 20170387. 

5. Sahiner, B., Pezeshk, A., Hadjiiski, L. M., 

Wang, X., Drukker, K., Cha, K. H., ... & 

Giger, M. L. "Deep learning in medical 

imaging and radiation therapy." Medical 

physics 46.1 (2019): e1-e36. 

https://www.researchgate.net/publication/316496634_Disease_Prediction_by_Machine_Learning_Over_Big_Data_From_Healthcare_Communities
https://www.researchgate.net/publication/316496634_Disease_Prediction_by_Machine_Learning_Over_Big_Data_From_Healthcare_Communities
https://www.researchgate.net/publication/316496634_Disease_Prediction_by_Machine_Learning_Over_Big_Data_From_Healthcare_Communities
https://www.researchgate.net/publication/316496634_Disease_Prediction_by_Machine_Learning_Over_Big_Data_From_Healthcare_Communities


  

 
 

893 
 

Thomas, R. S. A. Sarc. Jr. Eng. Com. Sci. vol-4, issue-7 (2025) pp-886-893 

Copyright © 2022 The Author(s): This work is licensed under a Creative Commons Attribution- NonCommercial-NoDerivatives 4.0 
(CC BY-NC-ND 4.0) International License 

Publisher: SARC Publisher 
 

6. opol, E. J. "High-performance medicine: the 

convergence of human and artificial 

intelligence." Nature medicine 25.1 (2019): 

44-56. 

7. Herland, M., Khoshgoftaar, T. M., & Wald, R. 

"A review of data mining using big data in 

health informatics." Journal of Big data 1.1 

(2014): 2. 

8. Bates, D. W., Saria, S., Ohno-Machado, L., 

Shah, A., & Escobar, G. "Big data in health 

care: using analytics to identify and manage 

high-risk and high-cost patients." Health 

affairs 33.7 (2014): 1123-1131. 

9. Abdulmalek, S., Nasir, A., Jabbar, W. A., 

Almuhaya, M. A., Bairagi, A. K., Khan, M. A. 

M., & Kee, S. H. "IoT-based healthcare-

monitoring system towards improving quality 

of life: A review." Healthcare. Vol. 10. No. 

10. MDPI, (2022). 

10. Wootton, R. "Twenty years of telemedicine in 

chronic disease management–an evidence 

synthesis." Journal of telemedicine and 

telecare 18.4 (2012): 211-220. 

 

 

 

 

 

Source of support: Nil; Conflict of interest: Nil. 
Cite this article as: 

Thomas, R. S. A." AI-Enhanced Data Analytics in Healthcare: Transforming Patient Care Through Cloud-Based 

Intelligence." Sarcouncil Journal of Engineering and Computer Sciences   4.7  (2025): pp 886-893. 


